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Agenda - today’s topic

1. What is skills-based hiring?
2. Why does it matter?

5. What does it mean for
policymakers?

+.  How can we get data on employers’
skills needs?

5. What metrics can we use to
measure skills?

* %
*
*
Working together
Learning for life

European Training Foundation




What is skills-based hiring?

A greater focus on skKills, rather ” - couotion
than degree requirements or | _

past job titles during the
recrUitment prOCeSS. Data Architect

Budget Management

FUpLl1lC Reldadl.
am solving Data Manager

This opens the door to a wider

pool of talent.
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Employers are moving away from qualifications and towards skills
Exhibit 1 - Decrease in job ads requiring BA+ degree across the five countries

Weighted average

% of BA+ degree requirements in job postings 2017 vs. 2022
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Source: Job postings 2017 vs. 2022, Total job postings 2017 & 2022
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Why does it matter? (1)

Understanding skill needs and how they are changing is a must, not a choice for businesses...

75%

of companies cite that they
are facing acute talent and
skills shortages.

WEF / Manpower 2022

44%

of skills that workers use are
expected to change in the
next 5 years.

WEF - Future of Jobs 2023

37%

of the top 20 skills requested have
changed over the past 5 years, and
1in 5 is entirely new.

Lightcast Skills Disruption Index

24%

of skills have changed on average
globally since 2015. In the Tech sector
this is as high as 57%.

LinkedIn Economic Graph 2022

48%

of CEOs say labour/skills shortages
are in their top 3 concerns behind
inflation and geopolitical uncertainty.

Deloitte CEO Survey Feb 2023

1 billion

of the world’s jobs are liable to be
radically transformed by technology in
the next decade.

WEF / Davos 2023 r
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Why does it matter? (2)

...And skills-based organisations are more resilient in the face of change

Skills-based
organizations
are more
adaptable,
equitable, and
innovative

The economy
and workforce
is constantly
evolving

This evolution
is reflected in
skills, not job
titles
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What does this mean for policy-makers?

Policy makers need to and are responding to business needs

Policymakers and education providers need
to work together to smooth the transition
from qualifications to skills-based hiring to
respond to a rapidly changing labour market.

Many examples already at the European
level, such as with the ‘2023 Year of SKkills’
and the skills focus on the green and digital
transitions.

COMMUNITIES
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How can we get data on employers’ skills needs?

Online job postings is a rich and almost real time data source on sKkills

As a result, job
postings data help
us draw actionable
insights

Greater speed and
granularity
compared to

survey-based
instruments

Insights into real
world demand for
skills directly from
employers
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How can we get data on employers’ skills needs?

Skills taxonomies help us provide structure and understand the data

Job

Capabilities

Common & Specialised Skills

Administration
LAGERAVES B

Business

Customer and
Client Support

Information
Technology

Law, Regulation
and Compliance

Media and
Communication
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How can we get data on employers’ skills needs?

@

Millions of online A common taxonomy Skills insights:
job postings with helps organise these What skills? Where
near real-time data data points into a are they needed?

on employers skills common framework How are they
needs changing?




Data quality considerations

Pros and cons of doing sKkills analysis using job postings data

1. Online job postings coverage varies by country and by occupation

2. The quality of the data depends on the type of information provided by employers
3.  Employers may not mention skills that are intrinsic to a job

4. Employers may stop mentioning a skill because it becomes widespread

5.  The more specific the parameter of the search, the better skills results

6. Emerging trends normally appear first as skills and then as occupations



From skills data to skills insights: what metrics?

Skills frequency as a starting point...

Top common, specialised and software skills mentioned in social care job postings

West London | August 2022 - July 2023

Common Skills Specialised Skills Software Skills
Communications 27.2% Personal Care 16.7%
Microsoft Excel 482.2%
Management - 17:1% Social Work
English Language - 8:3% Mental Health
. Microsoft Office {¥1.8%
Planning {7-8% Nursing
Customer Service 7.3% Midwifery
‘ Microsoft Word 441:4%
Teaching J7‘1% Autism Spectrum Disorders
Teamwork - 5.5% Auditing
- Microsoft Outlook 4 1-4%
Interpersonal Communications - 5.4% Learning Disabilities
Leadership 1 5.2% Risk Analysis
— Microsoft PowerPoint 411:1%
Enthusiasm 4 5:1% Medication Administration
T T 1 T 1 I T T 1
0 10 20 30 20 30 0 10 20 30
Frequency (%) Frequency (%) Frequency (%) 5.
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From skills data to skills insights: what metrics?

...Skills frameworks can give us a broader view

Top skill categories Top skill subcategories
"= | Home health care | | Mental health diseases | | Mental and behavioural |
__andassistedliving ||  anddisorders | _health specialies
| Nursing and patient care | | General medicine Physical therapy |
Caregiver/ Personal ) e
Care Aide T Personal attributes | Social skills | | Initiative and leadership
Top job titles used for " | Communication | Language competency |
recruitment include: Support b b L
worker, Residential support : """ | Special education ! Teaching |
worker and Care workers.
--- | Business management Risk management |
~7" Basic IT knowledge
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From skills data to skills insights: what metrics?
Skills categories as a way to compare occupations

Figure 23. Top skills categories across the engineering footprint

National Environment,
Average Designand Energy and Quality Water, Air Skilled Skilled Metal Other Other
Footprint (all oces)) Civil Electrical  Mechanical  Industrial ICT Development Earth Assurance andWaste Construction  Trades Engineering  Operative

19 BEEN 0 o [

Media and Communications

Skill category

Engineering
Manufacturing and Production

Law, Regulation and Compliance i 9 “ 12 ]
Maintenance, Repair and Facility _ 19 “_
Analysis 12 10 8 4 4 " : 12 1 1 4 7 4
Finance 117 18 15 5 5 14 17 5 4 4 il 5}
Administration 12 15 13 8 6 18 12 3 4 5 10 7
Transportation, Supply Chain 12 12 15 1 11 12 5 7 12 18
Customer and Client Support 12 17 8 14 14 14 9 10 15 9 9 10 1
Architecture and Construction 11 5 16 1 10 1 4 15 11 12 14
Sales 10 18 1 8 1 14 14 9 4 5 7 9 9
Marketing and Public Relations 8 1" 8 6 4 9 1 8 6 5 6 6 5
Science and Research 8 it 6 5 5 7 16 14 2 2 9 8 4
Education and Training i) 12 8 5 5! 6 9 7 9 7 2 4 4 6 4
Design 7 3 7 5 4 3 10 2 3 0 0 1 4 1
Health Care 6 16 8 5 3 7 6 7 14 12 2 4 3 @ 5
Human Resources 4 6 4 4 3 8 4 4 & 5 2) 2 7 4 3
Public Safety and Security 3 2 2 6 2 1 4 2 4 2 2 2 d 8 4
Energy and Utilities & 1 3 1 5 3 1 3 11 2 9 1 2 5 3
Environment 2 1 4 2 2 4 1 2 6 4 1 1 4 3
Economics, Policy 1 2 1 0 0 2 2 4 7 3 0 0 0 1 0
Hospitality and Food Services 1 4 0 1 0 3 0 1 2 3 0 0 1 3 3
Social and Human Services 1 2 2 0 1 1 1 1 3 3 0 0 0 1 0
Agriculture, Horticulture 0 0 0 0 0 0 0 0 1 0 0 1 0 1 0
Property and Real Estate 0 0 q 0 0 0 0 0 2 0 0 0 0 0 0
Performing Arts, Sports 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
Personal Care and Services 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
0 10 20 30 40 50 60
Source: Lightcast job postings Proportion of job postings requiring skills from category (%)
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From skills data to skills insights: what metrics?

Skills as a way to capture emerging trends

Share of job postings requiring at least one Al related skill, (%)
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Figure 1: Share of green postings by country, 2019 - 2022 (%)
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From skills data to skills insights: what metrics?

Defining, distinguishing and necessary skills

1. Defining SKkills represent the day-to-day tasks and responsibilities of the job. An
employee needs these skills to qualify for and perform successfully in this occupation.

2. Distinguishing Skills are advanced skills that are called for occasionally. An
employee with these skills is likely more specialised and able to differentiate themselves
from others in the same role.

3. Necessary Skills are specialised skills required for that job and relevant across
other similar jobs. An employee needs these skills as building blocks to perform the more
complex Defining Skills.
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From skills data to skills insights: what metrics?

Combining skills metrics to draw insights

Skills Insights
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From skills data to skills insights: what metrics?

Combining skills metrics to draw insights

Skills Future CG
Escalators Disruptors Operations
o . Job Family
° 9 - e o (ain
@ ‘ ® Biotechnology
37.15% 2
. 5] ® Continuous Improvement Process Job Profile
Operations Management ' 22.37% (Al
& 16.81%
® ‘ Recall
® [} 0.00%
lysi e
= ‘ . o o P Data Analysis 20.00%
3 6.87%
<f> . Supplier Management 40.00%
(G] s s s 0,
z & il st A Corrective And Preventive Action (CAPA) 3.00% 60-000/"
0
= 1.44% 0.65% 80.00%
New Product Development 1 100.00%
. -4.94%
O Growth Category
-6.20% Development Environment
! -7.39% [l Declining
] B Growing
Project Management [} Rapidly Growing
-11.19% Stable
o Hydraulics 8 . SAP Applications ® Finance Primavera (Software)
-12.99% -12.99% -12.99% -12.99%
Stabilizers Challengers

Difficulty to Fill
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From skills data to skills insights: what metrics?

Identifying career pathways

1. Advancement: Jobs that pay more and are within the same occupation
group as the source occupation.

2. Lateral Advancement: Jobs that pay more but require transition to a new
occupational group as opposed to the source occupation.

3. Similar: Jobs that pay a comparable salary and are within the same
occupation group as the source occupation.

4. Lateral Transition: Jobs that pay a comparable salary but require
transition to a new occupation group as opposed to the source
occupation. ETE-

Learning for life



From skills data to skills insights: what metrics?

Identifying career pathways

Compensation and Benefits Managers
Information Security Analysts

Petroleum Engineers ' ‘

I Commercial and Industrial Designers
Marketing Managers ‘

Software Deyelopers ‘

Data Scientists ]

Most Related Least Related

Database Administrators

Database Architects

Computer and Information Systems Managers

Computer and Information Research Scientists

Specialized Skills Common Skills Software Skills

Explore and compare the top specialized skills between your focus occupation "Data Scientists" and your comparison occupation "Database
Architects".

@ Data Scientists @ Database Architects

Data Analysis

SQL (Programming Language)

Data Science

Python (Programming Language)
Computer Science

Machine Learning

Tableau (Business Intelligence Software)
Dashboard

Business Intelligence

R (Programming Language)
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Thank you! Any questions?

Contact details: elena.magrini@lightcast.io
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